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Abstract- To obtain more accurate image search results the
semantic search method is used. Images should be stored in
the database from where it can be retrieved for query
keyword on a text based information. The user need to give
the input as the query keyword and the images will be retried
according to their visual properties in ranking order. At the
online stage, images are re-ranked by comparing their
semantic signatures obtained from the visual semantic space
specified by the query keyword. The new approach
significantly improves both the accuracy and efficiency of
image re-ranking. The query-specific semantic signatures
extensively improve both the proper and efficiency of image
re-ranking.
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I. INTRODUCTION

The search of images from data base is getting less accurate
as it is gets larger and more different. Retrieval of the
desired image at less number of attempts is next to
impossible. The semantic search method can be very useful
to solve this problem. It is the retrieval of images which is
based on user’s query keyword and the visual property of
the image selected by the user. It not only improve the
results but also increase the efficiency by making the
attempts less.

User have to provide query keyword and select some
image. The system will performed images "synonyms" to
the query keyword. The similarity used for search criteria
could be colour distributed in images, region, shape of
images attributes. The problem of the image retrieval are
becoming enlarge quantity recognized, the search for
solutions an increasingly active area for research and
development.

The user have to give a query keyword related to the image
he wants to search. After the search, the pile of images
which will be obatained, the user need to specify the image
based on its visual properties. The selected image will be
compared with all other images in the database images
whose properties will be similar to the selected image will
be displayed. Not only this the images will b re-ranked
according to their number of similar properties. This will
not only the desired image but also increase the options and
time consumption will be less.
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Example, the user wants image of “green apple”, the query
keyword may be “apples”. There will be pile of images
related to query keyword apple. There will be different
types of apple, let the user select the desired one from all
the images. The one which is selected will have some
visual properties such as shape, color, design, pixels and so
on. All these will be compared with other images. Images
which will have similar properties will be selected, the one
which will have atleast one similar property. This will be
selected by the algorithms such as RGB Algorithm. Once
all the images are selected and are grouped then they are re-
ranked and the list is divided into one with the relevant
images and one with the irrelevant ones.
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Fig. 1. The conventional image re-ranking framework.

Image searching engines have adopted this method. Its
diagram is shown in Fig. 1.
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Disadvantages:

There is no maximize relevancy of image results in
existing system .

Most of the times, User can’t get the search images of his
interest.

If user found some interesting Image and he wants to get
more similar type of the images it is difficult to get it or it
is not possible without providing correct keywords.

Il. LITERATURE SURVEY

Images are related to everywhere and its need is to
everyone. For basic information, for need of there are many
areas of business, management, university, and hospitals,
large collections of images are being formed. There is also
need of access of those images very frequently and very
easily and more accurately.

Now users needed to give the input number of times, this
not only cause time consumption but also will be less
accurate. Our contribution is to capture the users’ search
intention from this one-click query image. Less words
more accurate results. Only one click will give images of
user desire and all of them similar to each other with re-
ranked list. This image-based content retrieval and
automatic image annotation are becoming more and more
relevant to the ways in which large database of digital
media are stored and accessed. The common ground for
systems of search engine is to extract a signature for every
image are based on its pixel values and to content based
image searching retrieving defined a rule for comparing of
this images.

The re-ranking of images is not just only the way,the
division of the list. The model receives a picture corpus P
and a text query g. It should then rank the pictures of P
such that the pictures relevant to q appear above the others.
Contrary to previous approaches that generally rely on an
image autoannotation framework, our learning procedure
aims at selecting the model parameters likely to yield a
high ranking performance. The images for testing the
performance of re-ranking and the images of reference
classes can be collected at different time and from
different search engines. Given a query keyword, 1000
images are retrieved from the whole web using certain
search engine.

Il. EXISTING SYSTEM

The system which exists has a one way text-based keyword
expansion, making the textual description of the query
more detailed. The text which is entered should be detailed
with all the properties described in the text, then only the
desired image is being obtained. If it is not the desired
image may not be obtained,for example “red apples form
Kashmir ”. then only the images of the apple will be
shown. Not only this there may be present of more
synonym words in the query keyword given by the user.

Existing  linguistically-related  methods find either
synonyms or other linguistic-related words from thesaurus,
or find words frequently co occurring with the query
keywords.

Keywords Assaociated with Images
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Re-ranking based on Semantic Signatures

Disadvantages of Existing system:

Most of the times, User can’t get the search images of his
interest.

If user found some interesting Image and he wants to get
more similar type of the images it is difficult to get it or it
is not possible without providing correct keywords.

IV. PROPOSED SYSTEM

It is proposed a novel image re-ranking framework, which
automatically offline learns different semantic spaces for
different query keywords.The visual features of images are
projected into their related semantic spaces to get semantic
signatures.At the online stage, images are re-ranked by
comparing their semantic signatures obtained from the
semantic space specified by the query keyword.

Advantages of Work:-

It learns query-specific semantic spaces to significantly
improve the effectiveness and efficiency of online image
re-ranking.

The visual features of images are projected into their
related semantic spaces automatically learned through
keyword expansions offline.

This approach uses both text based keywords and Visual
Feature extraction concept together and yield accurate
result according to user interest.

V.ARCHITECTURES

The architectures of searching the images and re-ranking of
the images are as given as per the figures. The images
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which would be searched should be uploaded to the
database first with tag names.
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VI. CONCLUSION

In this paper, we propose a novel Internet image search
approach which only requires one-click user feedback.
Intention specific weight schema is proposed to combine

visual features and to compute visual similarity adaptive to

query images. Without additional human feedback, textual
and visual expansions are integrated to capture user
intention. Expanded keywords are used to extend positive
example images and also enlarge the image pool to include
more relevant images. This framework makes it possible

for industrial scale image search by both text and visual

content. The proposed new image re-ranking framework
consists of multiple steps, which can be improved

separately or replaced by other techniques equivalently

effective.
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