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Abstract:- The objective of this paper is to determine the 

predictable price of Bitcoin by machine learning. This study 

shows RNN learning model on the basis of LSTM, which analyzes 

the previous prices of a bitcoin and predicts the next one. With 

this project, we try to predict the price of a bitcoin accurately by 

taking the various parameters that affect the Bitcoin value.  As 

the result of the experiment, the ML proposes not only that after 

analyzing the graphs of error rates, but also that as learning goes 

over, the processing efficiency of its neural network gets better 

for more accuracy. 
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I. INTRODUCTION

A.Bitcoin:

Bitcoin is a decentralized electronic currency system, which

after its development by Satoshi Nakamoto brought about a

huge shift in the financial system. It reflects an advancement

in IT that is focused on peer to peer networks and crypto-

graphic protocols. Bitcoin, because of its decentralized

existence and electronic process, is not regulated or controlled

by any government or bank. Bitcoin's main aim, or goal, is to

promote goods and services transactions. Bitcoin has evolved

immensely and managed to attract vast numbers of users,

gaining immense popularity because of its regular media

mention and dissemination. Because of its popularity, the

Bitcoin price, which is constantly fluctuating in real-time like

a stock exchange, it's very curious to create a model that can

predict Bitcoin's price on real-time using internet social media

data. If it can be predicted at a reasonable degree of precision,

it can be useful for investors, business people, banks,

organizations, etc. that use Bitcoin for transactions.

B.Prediction:

The bitcoins value varies just like a stock albeit else there

are number of algorithms used on stock request data for price 

vaticination still the parameters affecting bitcoin are different 

thus, its necessary to prognosticate the value of a bitcoin so 

that correct investment opinions can be made. The price of 

bitcoin doesn’t depend on the business events or 

intermediating government unlike stock request. Therefore, to 

prognosticate the value we feel its necessary to work machine 

literacy technology to prognosticate the price of bitcoin. 

II. Background Study (Literature)

Bitcoin is a new technology hence presently there 

are many price vaticination models available. [1], deals 

with diurnal time series data, 10- nanosecond and 10-alternate 

time-interval data. They've created three time series data sets 

for 30, and 120 twinkles followed by performing GLM 

Random Forest on the datasets which produces 

three direct models. These three models are 

linearly combined to prognosticate the price of 

Bitcoin. According to [2] the author is analysing what 

has been done to prognosticate the U.S. stock request. 

The conclusion of his work is the mean square error of 

the vaticination network was as large as 

the standard divagation of the redundant return. Still, 

the author is furnishing substantiation that 

several introductory fiscal and profitable factors have     prop

hetic power for the request redundant return. 

In 3 rather of directly reading the unborn price of the stock the 

authors prognosticate trend of the stock the trend can be 

considered as a pattern they perform both short term 

prognostications day or week prognostications and also long- 

term prognostications months they set up that the ultimate 

produced better results with 79 delicacy another intriguing 

approach the paper reflects is the performance evaluation 

criteria of the network rested on the prognosticated affair the 

performance evaluation algorithm decides to either buy sell or 

hold the stock from 4 a comparison between multi- caste 

perceptron mlp andnon-direct autoregressive exogenous narx 

model is made they conclude that mlp can also be used for 

stock request vaticination indeed though it does nt outperform 

narx model in price vaticination the authors made use of 

matlabs neural network toolbox to make and estimate the 

performance of the network. 

III. METHODOLOGY

We need a time stamp on the price of bitcoin and on the 

tweets to do time series analysis weve used apis and a 

little bit of web scraping for the collection of tweets weve 

collected tweets for 60 days starting from the 12th of 

march 2018 to the 12th of may the main reason for 

choosing the below time period is within this time price 

of bitcoin observed soaring and falling down as well in 

which gives us to estimate our model effectively figure 1 

illustrates the price movements of bitcoin at the below 

time period 
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The dataset given has 92550 tweets that were posted almost 

every minute within the time period mentioned above. 

The dataset is a combination of expressions, emoticons, 

symbols, URLs, and user's mentions. Raw tweets scraped from 

twitter usually give rise to a noisy dataset. This is because of 

the casual nature of social media use by people. 

 

IV. IMPLEMENTATION 

To evaluate our proposed model, we chose one of the machine 

learning algorithms, called Random Forest 

Regression. By comparing other machine learning algorithms, 

the Random Forest Regression is quite effective with working 

a different kind of inputs that has not relationships with each 

other. The algorithm has advantages in predicting future 

outputs as well. We use sentiment analyzing score and history 

price of Bitcoin as an input data and implemented a random 

forest algorithm by using RandomForestClassifier from 

sklearn.ensemble provided by scikit-learn. Presence features 

performed better than frequency though the improvement was

 not substantial. We present the summary results of 

our model’s prediction as two line diagrams in Figure 2. The 

first line diagram is actual Bitcoin price movements in the 

above specified time. period and the second one is a diagram 

made by our prediction model’s output data. 

 

By considering defining the delicacy of the vaticination we 

checked the models labors and made computations for 

assessing the models performance. We tried to calculate the 

difference(γ) between every single vaticination result with the 

separate close price of bitcoin(β) by abating to each other and 

taking an absolute value : γ=|α -β| (1) 

By looking at all(γ) results we set up the stylish maximum 

error on vaticination, the stylish minimal error on vaticination 

and the normal of error all results are shown in Table 1. 

Table 1. Statistics of errors on prediction: 
Sl.N

o. 

Definition Value 

1. Number of tweets 92550 

2. Number of prediction data 80491 

3. Maximum value of error (%) 43.83 

4. Minimum value of error (%) 21.84 

5. Average of error (%) 37.52 

 

 

Data described in Table 1 shows, during the vaticination 

process our model lost further than 10000 data that can be 

useful for better performance. Module’s prognosticated with 

43.83% error most end with minimal 21.84% error delicacy. 

V. CONCLUSION 

Analysis of tweet sentiment is an important field of price 

soothsaying studies. Because of the large quantum of news 

updates per nanosecond about Bitcoin, using Twitter in the 

sentiment analysis for Bitcoin is getting a significant step for 

utmost experimenters. Textbook mining and bracket ways on 

twitter data are thus demanded which can prognosticate the 

stylish sentiment.  

As unborn exploration, developing a special Bitcoin sentiment 

wordbook could ameliorate the connection between the 

sentiment analysis and the Bitcoin price change considering 

other features similar as hashtags, Twitter druggies, number of 

tweets and emoticons. 
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