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Abstract—Opinion Mining also known as “Sentiment Analysis” 

is an emerging field of research concerned with applying 

computational methods to find the subjectivity in text, with a 

number of applications in fields like recommendation systems, 

contextual advertising and business intelligence. The main aim 

of Opinion mining is Sentiment Classification i.e. to classify the 

opinion into positive or negative classes. SentiWordNet is an 

opinion lexicon derived from the WordNet database where each 

term is associated with some numerical scores indicating 

positive and negative sentiment information .It is explained with 

the review taken for a product from amazon. The result shows 

that this review goes for a sentiment which is negative for the 

product. 
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I.  INTRODUCTION  

An important a part of our information-gathering behavior 

has perpetually been to seek out what others thinks .People 

share information, experiences and thoughts with the 

globe by exploitation Social Media like blogs, forums, wikis, 

review sites, social networks, and tweets so on. This 

has modified the way within which folks communicate and 

influence social, political and economic behavior 

of others within the internet. It’s therefore no surprise that 

the origination and rise of sentiment analysis coincide 

with the expansion of social media on the net. Over the years, 

social media systems on the net have 

provided glorious platforms to facilitate and alter audience 

participation that have resulted in our 

new democratic culture. The opinions of others have a 

major influence in our daily decision-making method. 

These choices vary from shopping for a product like a 

sensible phone to creating investments to picking a school—

all choices that have an effect on varied aspects of 

our lifestyle. Before the net, folks would obtain opinions 

on product and services from sources like friends, relatives, 

or clientreports. It’s conjointly popularized 2 major analysis a

reas, namely, social network analysis and sentiment analysis. 

. Sentiment analysis is a new research area which emerged 

from the social media on the web. 

In social networks, it is often found that feedbacks are in 

unstructured form. Users often use annotation, hash tags, 

images, animated gifs and mixed languages, so it is important 

to handle all these formats that come from different social 

network sites through intelligent techniques. The techniques 

should be generic and handle a large volume of unstructured 

data efficiently. Sentiment analysis or opinion mining helps to 

make decisions based on the user opinions and reviews. 

 

II. THEORITICAL BACKGROUND 

 

Opinion mining is the computational study of people’s 

opinions, sentiments,   emotions, attitudes towards entities & 

their attributes expressed in written text. The entities are 

products, services, organizations, individuals, events, issues, 

or topics. Sentiment is a lot of a sense. Opinion is a solid view 

about something done by someone. 

Opinion holder is the person or organization that holds a 

specific opinion on a particular object. Object is on which an 

opinion is expressed. Opinion is a view, attitude, or appraisal 

on an object from an opinion holder. The sentiment analysis 

may be a complex method that involves five totally different 

steps to research the sentiment data. They are Data collection, 

Text preparation, Sentiment detection, Sentiment 

classification, Presentation of output. The steps and algorithms 

are explained below. 

 

A. Data Collection 

Data Collection is collecting knowledge from the user 

generated content contained in blogs, forums, and social 

networks. Data are broken, expressed completely different 

ways by using different vocabularies, slangs, context of 

writing etc. Manual analysis is nearly not possible. Text 

analytics and natural language processing are used to extract 

and classify the data. 

 

B. Text Preparation 

It consists in improving the extracted data before analysis.  

Non-textual contents and contents that are not needed for the 

analysis are found out and removed. 

 

C. Sentiment Detection 

The extracted sentences of the reviews and opinions are 

examined. Sentences with subjective expressions like 

opinions, beliefs, and views are kept. Sentences with objective 

communication which means the factual information are 

avoided. 

 

D. Sentiment Classification 

Subjective sentences are differentiated into positive, negative, 

good bad. 

 

E. Presentation of Output 

The text results are displayed on graphs like pie chart, bar 

chart and line graphs. Time can be analyzed and can be 

graphically displayed constructing a sentiment time line. 
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F. Algorithms 

• Lexicon Based: use a dictionary to perform entity-level 

sentiment analysis. This technique uses dictionaries of words 

annotated with their semantic orientation (polarity and 

strength) and calculates a score for the polarity of the 

document 

 

• Learning Based: Machine learning based approach uses 

classification technique to classify text; It consists of two sets 

of documents: training and a test set. The training set is used 

for learning the differentiating characteristics of a document, 

while the test set is used for checking how well the classifier 

performs.  

• Hybrid Approach: The combination of both the machine 

learning and the lexicon based approaches has the potential to 

improve the sentiment classification performance. Which 

algorithm to choose heavily depends on the application, 

domain and language? 

 

III. RELATED WORKS 

 

Classifying product reviews is a common downside in 

opinion mining and styles of techniques have been 

accustomed to address the matter. These techniques are often 

classified into two  main  approaches,  as  approaches  based  

on  lexical resources  and  neutral  language  processing  and  

approaches employing machine learning algorithms. Machine 

learning either supervised or unsupervised strategies uses 

completely different aspects of text as sources of options are 

planned in the literature. Early work  seen in [2] presents 

many supervised learning algorithms using bag-of-words  

options  common  in text  mining  analysis,  with best 

performance  obtained  exploiting  support  vector  machines  

together with unigrams. Classifying  terms from a review into 

its roles of grammar, or  parts of  speech has additionally 

been explored: In [3] part of speech information is employed 

as part of a feature set  for performing arts  sentiment 

classification on a knowledge set of newswire articles, with 

similar approaches tried in [4] and [5], on  different 

knowledge sets. In [6] part  of speech, words  string  and  root  

knowledge  are  used  with  various combos for  performing 

arts  classification  on  varied  data sets  of  shopper  reviews.  

Separation  of  subjective  and objective sentences for the 

functions of up review level  sentiment  classification  are 

seen in [7], wherever appreciable enhancements were  

obtained  over  a  baseline word  vector classifier. Alternative 

studies used lexical resources like SentiWordNet to create an 

information set of options derived from its scores to be used 

as options for support vector machines classifier as worn out 

[8] and [9].  

Opinion lexicons are resources that connect sentiment polarity 

for words.  Their  use  in  opinion  mining  analysis stems  

from  the  hypothesis  that  individual  words  will be thought 

about as a  unit  of  opinion  data,  and  so could give  clues to 

review sentiment and subjectivity. In [8] SentiWordNet 

lexicon  was applied by counting positive and negative terms 

found in a  review and deciding sentiment polarity supported 

that category received the very best score. 

 

 

IV. ANALYSIS AND RESULTS 

 

 The authors of SentiWordNet name 3 classes of tasks within 

the field of opinion mining. 

 

A. Subtasks of Opinion Mining 

Subjectivity objectivity polarity that confirm whether or not a 

text is subjective or objective. 

Positivity negativity polarity that confirm whether or not a text 

is positive or negative.  

Strength of the positivity negativity polarity that 

determine however positive or negative a text is. 

 

B. Marking Review Words 

     Looking on the precise domain of application reviews or 

reports ought to be collected. These reports are going to be 

categorized or tagged with scores per their 

positivity/negativity with the assistance of SentiWordNet. 

SentiWordNet is not able to handle multi word queries, so it 

is better to preprocessing them in the following ways. First 

perform Tokenization then POStagging; then scale back the 

text to nouns, adjectives, verbs, adverbs (optionally filtering 

out named entities) and at last normalization additionally 

called as stemming and/or lemmatization. 

After preprocessing the text is reduced to its contents words 

during a normalized type. Currently they are able to be fed 

into the SentiWordNet system so as to gather sentiment 

scores for the one word. 

For each of the words, SentiWordNet gets the synsets that 

contain that word. If SentiWordNet does not find any suiting 

synset, the sentiment scores for this word simply are all zero. 

If more than one synset (or several synsets with varying 

sentiment scores) are found the system have to do word sense 

clarification. No external resources have to be consulted as 

the WordNet information part can be used. There are several 

methods to perform words clear with WordNet, for example 

with one of the Lesk algorithms which disambiguate finding 

overlaps of the context words and the synsets’glosses. [10] 

 

C. Combining Scores 

Once the scores are retrieved, they need to be combined to 

classify the text as a full. This could be drained many ways , 

and we examine these alternatives like add up all scores, 

average all scores, add for adjectives, average for adjectives, 

average of all nonzero scores, majority vote. 

The three completely different rating numbers for every word 

also can be assembled into votes. If a word’s negative score is 

on top of the positive and also the objective one, it gets the 

vote “1”,just in case it’s the positive score would not it be 

“1”, if it is objective it is “0”. These votes will moreover be 

combined and taken within the other ways delineated on top 

of. As per the final scores, the text will finally be classified in 

either neutral, negative or positive. If needing to compare 

texts, it would be smart not to label the texts however keep 

their numerical overall scores for every dimension (objective, 

negative, positive). 
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D. Example 

The procedure is applied to a negative (2 star) example 

product review from a shopping website to test the score 

combining methods. 

“This toy doesn't appear as if the image the least bit. The 

bread, tomato, and lettuce were all exhausting. The sole 

elements that area unit a touch realistic area unit the cheese 

and meats. This toy came with only 1 tomato and one lettuce. 

That is not enough objects to create multiple full sandwiches. 

I’d advocate not shopping for this toy if you would like your 

money's price “ 

Here again, the text is prevailingly classified as objective, as 

the scores for objectivity are the highest (92% objective, 5% 

positive, 3% negative). When comparing only positivity and 

negativity scores for all words (b) and the nonzero scores (e), 

it is observable that the negativity average scores are lower 

than those for the positivity, which does not agree with the 

two star rating implying negative sentiment. We acquire 

higher results by solely taking adjectives (d) such the 

negativity score is top on the quality score. Using the “votes” 

(last column in the table), all figures are below zero. This 

leads to the conclusion that the use of this voting system 

(positive against negative) is most useful for the positivity 

negativity polarity detection. It is given below in the table. 

 

Table 1Values 

 Positivity Objectivity Negativity Votes 

a)SUM 1.625 33.125 1.25 -1 

b)AVG 0.045 0.92 0.035 -0.028 

c)SUM(adj) 0.5 4.875 0.625 -1 

d)AVG(adj) 0.083 0.813 0.104 -0.167 

e)AVG(nonzero) 0.181 0.945 0.111 -0.111 

f)majority vote   x     

 

 

 

 

 

 

 

V CONCLUSUONS 

 

The main problem of using SentiWordNet for opinion mining 

is to search out the best way of mixing the word scores to an 

overall score for whole documents. The experiments have 

proved that the SentiWordNet scores can solve the task of 

finding positivity negativity polarity, best by summing up 

positive or negative votes, but finds difficulty in two final job  
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