
 

Content Based Logo Matching and Retrieval 

Using Scale Invariant Feature Translation 
                   

 

 V. Manogajapathi [1], M. Tamilselvi[2], A. V. Antony Sahaya Sharon[3], V. Vinodha[4]  
Christ College of Engg & Tech,  

Puducherry. 

 

Abstract - Graphics detection plays associate elementary role 

in image analysis and retrieval in analysis areas. This getting 

used in government documents and business that area unit 

used for abrupt identification of logos in organizations and 

supply affirmations of document holder. during this work, 

development of associate automatic logo-based image retrieval 

system that handles: 1) emblem detection and segmentation 

by boosting a cascade of classifiers across multiple image 

scales; and 2) emblem matching victimisation segmentation, 

filtering and edge matching. There are a unit three traits 

within the planned system, which includes: a) featuring no 

quality thrashing, b) a neighbourhood criterion that defines 

no overlapping, C) a pattern that affords smoothness. The 

algorithms used here area unit CDS[14](Content Dependent 

Similarity) and SIFT[18](Scale Invariant Feature 

Translation). Finally, judge the effectiveness of victimisation 

vital collections of real-world advanced pictures. 

 

Keywords: Logo matching, Edge matching, Content Dependent 

Similarity, Scale Invariant Feature Translation. 

I. INTRODUCTION 

Graphic logos are a unit of special category of visual 

objects very vital to assess the identity of one thing or 

somebody. In trade and commerce, they need the essential 

role to recall within the client the expectations related to a 

selected product or service. This economical connection 

has intended the active involvement of firms in soliciting 

good image analysis solutions to scan emblem archives to 

search out proof of comparable already existing logos, 

describes either improper use of their emblem, unveil the 

malicious use of logos that have little variations with 

relation to the originals therefore to deceive customers, 

analyze videos to induce statistics concerning however 

lasting their emblem has been displayed. Logos area unit 

graphic productions that recall some globe objects or 

emphasize a reputation, merely show some abstract signs 

that have sturdy sensory activity attractiveness. Color could 

have some connection to assess the emblem identity. 

However the distinctiveness of logos is additional typically 

given by some details fastidiously studied by graphic 

designers, semiologists and consultants of social 

communication. The graphic layout is equally vital to draw 

in the eye of the client and convey the message suitably and 

for good. totally different completely different} logos could 

have similar layout with slightly different spacial 

disposition of the graphic parts, localized variations within 

the orientation, size and form, or within the case of 

malicious meddling dissent by the presence/absence of 1 or 

few traits. 
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Logos but typically seem in images/videos of globe indoor 

or out of doors scenes superimposed on objects of any pure 

mathematics, shirts of persons or jerseys of players, boards 

of outlets or billboards and posters in sports playfields. In 

most of the cases they\'re subjected to perspective 

transformations and deformations, typically corrupted by 

noise or lighting effects, or part occluded. Such pictures – 

and logos thenceforth –have typically comparatively low 

resolution and quality. Regions that embody logos can be 

tiny and contain little info .Logo detection and recognition 

in these eventualities has become necessary for variety of 

applications. Among them, many examples are reported  

within the literature, like the automated identification of 

merchandise on the online to boost business search-engines 

[4], the verification of the visibility of advertising logos in 

sports events. 

II. EXISTING WORK 

Early work on brand detection and recognition was 

involved with providing some automatic support to the 

brand registration method. The system should check 

whether or not alternative registered logos in archives of 

millions, exist that have similar look to the new coming 

back brand image, so as to confirm that it's sufficiently 

distinctive and avoid confusion. Kato’s process[2] was the 

earliest ones.  

It mapped a normalized brand image to a sixty four picture 

element grid, and calculated a worldwide feature vector 

from the frequency distributions of edge pixels. additional 

recently, projected a distinct resolution, wherever logos 

were delineate by international Zernike moments, native 

curvature and distance to centre of mass. alternative ways 

have used completely different international descriptors of 

the total brand image either accounting for brand contours 

or exploiting form descriptors like form context.  

All these ways assume that a brand image is totally visible 

within the image, isn't corrupted by noise and isn't 

subjected to transformations. consistent with this, they can 

not be applied to planet pictures. all the same, the 

utilization of worldwide descriptors for brand detection in 

planet pictures has been projected by many authors. 

thought-about pairs of color pixels within the edge 

neighbor hoods and accumulated variations between pixels 

at completely different spatial  distances into a Color-Edge 

Co-occurrence bar chart.  

This international descriptor permits to perform quick 

approximate detection of logos, however is mismatched to 

traumatize incomplete info or reworked versions of the 

initial brand, nor to account for a certain illustration of the 

neighbor hood of brand traits. 

Here within the use of caltec[4] a hundred dataset is 

employed . Caltech a hundred and one may be a knowledge 

set of digital pictures created in Gregorian calendar month 

2003 and compiled by Fei-Fei Li, Marco Andreetto, brandy 

Aurelio Ranzato and Pietro Perona at the American state 

Institute of Technology. it's supposed to facilitate laptop 

Vision analysis and techniques and is most applicable to 

techniques involving image recognition classification and 

categorization. Caltech a hundred and one contains a 

complete of nine,146 images, split between a hundred and 

one distinct object classes (faces, watches, ants, pianos, 

etc.) and a background class. given the pictures area unit a 

collection of annotations describing the outlines of every 

image, at the side of a Matlab script for viewing. The 

Caltech[4] a hundred and one knowledge set consists of a 

complete of nine,146 images, split between a hundred and 

one completely different object classes, still as an extra 

background/clutter class. 

Each object class contains between forty and 800 pictures. 

Common and widespread classes like faces tend to own a 

bigger range of pictures than others. Every image is 

concerning 300x200 pixels. Pictures of orienting objects 

like airplanes and motorcycles were reflected to be left to 

right aligned and vertically orienting structures like 

buildings were turned to be off axis. 
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II. PROPOSED WORK 

In this work, development of an automatic logo-based 

image retrieval system that handles: emblem detection and 

segmentation by boosting a cascade of classifiers across 

multiple image scales and emblem matching exploitation 

segmentation, filtering and edge matching. The algorithms 

used here area unit CDS (Content Dependent Similarity) 

and SIFT[18] (Scale Invariant Feature Translation). For the 

actual take a look at image, Pre-processing technique like 

filtration is allotted. Then the actual emblem is calculated 

for interest points. ensuing section is segmentation which 

has neighbourhood criterion while not co-occurrence. The 

projected system can embody the mix of set of frames to 

spot emblem in motion photos.The strategy overtakes by 

increasing the proportion higher than the baseline further 

because the recognition procedures. 

 

Fig1: FLOW OF PROCESS 

A. PREPROCESSING TECHNIQUES: 

Pre-processing ways use a little neighbor hood of a 

component in associate degree input image to urge a brand 

new brightness worth within the output image. Such pre-

processing operations are referred to as filtration. 

Smoothing suppresses noise or alternative tiny fluctuations 

within the image; adore the suppression of high frequencies 

within the frequency domain. Sadly, smoothing 

additionally blurs all sharp edges that bear necessary data 

concerning the image[5]. 

Gradient operators area unit supported native derivatives of 

the image operate.  Derivatives area unit larger at locations 

of the image wherever the image operate undergoes fast 

changes. The aim of gradient operators is to point such 

locations within the image. Gradient operators suppress 

low frequencies within the frequency domain (i.e. they act 

as high-pass filters). Noise is commonly high frequency in 

nature; sadly, if a gradient operator is applied to a picture 

the background level will increase at the same time. 

B. SCALE INVARIENT FEATURE TRANSFORM: 

Algorithm of the scale invariant feature transform 

follows: 

 A Constructing a scale space. 

 Scale-space extreme value detection 

(Uses difference-of-Gaussian function) 

 Key point localization (Sub-pixel 

location and scale fit to a model) 

 Orientation assignment (1 or more for 

each key point) 

 Key point descriptor (Created from local 

image gradients) 

 

 

FIG 2: SIFT KEY POINTS 
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Table 1: Scale Invariant Feature Translation 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 Generate SIFT Features: 

With scale and rotation unchangingness in situ, a new 

illustration is generated. This helps unambiguously 

determine options. as an instance you have got fifty,000 

options. With this illustration, you'll simply determine the 

feature you are looking for (say, a selected eye, or an 

indication board). 

These ensuing vectors are understand as SIFT[18] keys and 

are utilized in a nearest-neighbor approach to spot 

attainable objects in a picture. Collections of keys that 

agree on a attainable model are identified, once three or a 

lot of keys agree on the model parameters this model is 

obvious within the image with high likelihood. because of 

the massive range of SIFT keys[9] in a picture of AN 

object, usually a 500x500 constituent image can generate 

within the region of 2000 options, substantial levels of 

occlusion are attainable whereas the image continues to be 

recognized by this system The key point orientation is also 

determined from the local image appearance and is 

covariant to image rotations. Depending on the symmetry 

of the key point appearance, determining the orientation 

can be ambiguous. 

IV. CONCLUSION 

The work is on a unique brand detection and slender 

approach that square measure supported a brand new 

category of similarities that square measure observed as 

context dependent. Clipping kind of the video is gathered 

and its suspection of faulty logo’s square measure 

recognized. The strength of the planned technique resides 

in many aspects: (i) the inclusion of the data regarding the 

spacial configuration in similarity style further as visual 

options, (ii) the flexibility to regulate the influence of the 

context and also the regularization of the answer via our 

energy perform, (iii) the tolerance to totally different 

aspects together with partial occlusion, makes it 

appropriate to find each near-duplicate logos further as 

logos with some variability in their look, and (iv) the 

theoretical convexness of the matching framework that 

shows that below the hypothesis of existence of a reference 

brand into a check image, the chance of success of 

matching and detection is high. the long run work would 

enhance it out with the share amplification. 
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for i=1:n 

Compute the context of xi, givenNa, Nr; 

end 

for j =1:m 

Compute the context of y j, givenNa, Nr; 

end 

t =1, max =30; 

if (convergence == 0 || t>max) 

for i=1:n  

for j=1:m 

Compute CDS matrix entry K(t )xi ,y j, given 

α, β; 

end 

end 

end 

K =K(t ); 

for i=1:n 

for j =1:m 

Kyj|xi =Kxi,yj / sum of (for s=1:m  compute 

Kxi,ys); 
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