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Abstract: In recent biomedical field, ophthalmology has a
significant role. In order to identify and detect the pathologies in
diabetic retinopathy accurately, and correctly converge on time,
it requires computer aided techniques. This paper focuses the
various abnormalities of the retinal images and its procedure of
the automated techniques involved in it. And also it provides
performance analysis in terms of sensitivity and specificity
calculations for the various techniques behind the micro
aneurysms, exudates and hemorrhages.

Keywords: Diabetic retinopathy, abnormalities, micro aneurysms,
exudates, hemorrhages

1. INTRODUCTION

Diabetic Retinopathy (damage to retina)

The main cause of vision loss is the diabetic retinopathy and
its prevalence is set to continue rising. The early detection
may be used to encourage improvement in diabetic control.
When the small blood vessel in the retina has a high level of
glucose, the vision will be blurred. Over a period of time the
retina has some abnormalities like microanesysms, exudates
and hemorrhages. For the diagnosis, ophthalmologists use
color retinal images of a patient acquired from digital fundus
camera. Prolonged diabetes causes micro vascular leakage
and micro vascular blockage within the retinal blood vessels.

Hard exudates

Microaneurysm

Figl: retinal image
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The literature on the automatic retinal image diagnosing
algorithms are classified to the following steps

1. Preprocessing
2. Feature Extraction/segmentation
3. Classification

2. LITERATURE

A. EXUDATES:

One of the visible signs. These are extends into the macula
area, vision loss can occur. The exudates can be classified as
Hard, Soft Exudates; hard exudates (intra retinal lipid
exudates) are yellow deposits of lipid and protein within the
sensory retina. Soft exudates (cotton wool spots) they are
white, fluffy lesions in the nerve fiber layer.

Hard Exudates

Fig2: Soft Exudates
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D. PERFORMANCE ANALYSIS
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E .CONCLUSION

This Paper will give the idea about the Automatic analysis of
Diabetic retinopathy which affects the vision. From this, the
new authors can get the understanding about the Automatic
Screening and detection of various lesions at the early stage,
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and it will give the preventive measures to the blindness. The
summary will give the performance analysis of the authors of
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