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recommendations, and risk assessments.

Abstract By combining predictive analytics,

generative models, and quantitative

The rapid evolution of financial markets, optimization, the system enhances
coupled with increasing data availability decision-making accuracy while

and computational capabilities, has
transformed the landscape of personal

maintaining transparency and user trust.
Experimental analysis in a simulated

wealth management. Traditional financial
advisory systems rely heavily on static
models, historical data,
expertise, often limiting personalization,
scalability, and responsiveness to real-time

and human

financial environment demonstrates the
effectiveness of Wealth.Al in improving
portfolio  performance,  risk-adjusted
returns, and wuser engagement. The

proposed system represents a step toward

market dynamics. This paper presents next-generation  Al-powered  personal
Wealth.AI, an intelligent personal financial advisory platforms.

advisory framework that integrates real-

time financial data, generative artificial Keywords: Artificial Intelligence,

intelligence, and quantitative finance
techniques to adaptive,
personalized, and data-driven investment
guidance.

deliver

Wealth.Al leverages live market feeds,
macroeconomic indicators,
specific financial profiles to generate
contextual insights, portfolio

and user-
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1. Introduction

The global financial ecosystem has
become increasingly complex due to high-

frequency trading, global interconnectivity,
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volatile macroeconomic conditions, and
rapid technological advancement.
Individual investors and retail clients often
struggle to interpret vast amounts of
financial data and make informed
decisions in real time. Traditional financial
advisory services, while valuable, face
limitations related to scalability, cost,

delayed responsiveness, and human bias.

Recent advances in Artificial Intelligence
(Al) and Financial Technology (FinTech)
have introduced advisory
systems, commonly known as robo-
advisors. However, most existing robo-
advisors rely on rule-based logic and static
asset allocation strategies, offering limited
adaptability to dynamic market conditions

automated

and individual user preferences.

The convergence of real-time data streams,
generative intelligence, and quantitative
finance presents an opportunity to redefine
personal advisory systems. This research
proposes Wealth.Al, a next-generation
intelligent advisory framework designed to

models often assume market efficiency
and static risk preferences.

With the rise of machine learning,
researchers have applied supervised and
unsupervised  techniques  for  price
prediction, volatility forecasting, and
sentiment analysis. Deep learning models
such as LSTM and Transformers have
shown promise in capturing temporal
dependencies in financial time-series data.
However, their black-box nature raises
concerns regarding interpretability and
trust.

Generative Al, including large language
models and probabilistic
networks, has recently gained attention for
financial report generation, scenario

generative

simulation, and personalized financial
advice. Studies indicate that combining
generative with  quantitative
analytics improves user comprehension
and engagement. Despite these advances,
existing systems often lack seamless
integration of real-time data, user

models

deliver personalized, explainable, and personalization, and explainable
adaptive financial guidance by recommendations.

continuously learning from live data and

user interactions. Wealth.AI addresses these gaps by

2. Related Work

The application of Al in finance has been
extensively explored across domains such
as  algorithmic  trading,  portfolio
optimization, fraud detection, and credit
scoring. Early quantitative finance models,
including Markowitz’s Modern Portfolio
Theory and Capital Asset Pricing Model
(CAPM), laid the
systematic investment decision-making.
While mathematically rigorous, these

foundation for
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unifying generative intelligence with
quantitative finance principles in a real-
time, user-centric advisory framework.

3. Problem Statement

Personal investors face several challenges
in managing wealth effectively:

e Information Overload: Continuous
inflow of financial data makes
manual analysis impractical.
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e Delayed Insights:  Traditional
advisory systems fail to react
promptly to market changes.

1. Data Ingestion Layer: Collects
real-time market data, economic
indicators, and user financial inputs.

e Limited Personalization: Static 2. Intelligence Layer: Integrates
investment strategies do not adapt generative Al models  with
to evolving user goals. quantitative analytics and

predictive algorithms.

e Lack of Transparency: Al-based
recommendations  often  lack 3. Application Layer: Manages

explainability.

e Accessibility  Barriers:  High-
quality advisory services remain

expensive or inaccessible.

These challenges highlight the need for an
intelligent, transparent, and adaptive
advisory system capable of delivering real-
time, personalized financial insights.

4. Proposed System:
Wealth.Al

4.1 System Philosophy

Wealth.Al is built on the principles of
adaptability, transparency, and
personalization. The system aims to assist
users in financial decision-making rather
than replace human judgment.

4.2System Architecture

The system follows a modular, service-
oriented architecture comprising the
following layers:
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business logic, risk profiling, and
recommendation workflows.

4. Presentation Layer: Provides an
interactive dashboard for users
with explainable insights.

4.3Functional Modules

4.3.1 User Profiling Module

Financial goal identification

Risk tolerance assessment

Investment horizon analysis

4.3.2 Real-Time Analytics Module

Market trend analysis

Volatility and risk metrics

e Asset correlation modelling

4.3.3 Generative Advisory Module
explanations of

e Natural language

recommendations

e Scenario-based portfolio insights
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Personalized financial summaries

4.3.4 Portfolio Optimization Module

Quantitative asset allocation

Dynamic rebalancing

Risk-adjusted return maximization

5. Implementation Details

Wealth.Al is implemented using a
cloud-based microservices
architecture to ensure scalability
and reliability.

5.1 Technology Stack

Frontend: React.js with interactive
data visualizations

Backend: Python-based services
using FastAPI

Al Models: LSTM, Transformer-
based models, and generative
language models

Data Storage: Time-series databases
and NoSQL systems

APIs: Integration with live financial
data providers

IJERTCONV 141 S040032
(Thiswork islicensed under a Creative Commons Attribution 4.0 International License.)

International Journal of Engineering Research & Technology (IJERT)
I SSN: 2278-0181
Vol. 14, Issue 04, ICTEM 2.0 (2026)

5.2 Data Flow

User data and live market feeds are
processed in real time. Analytical results
are passed to the generative module, which
converts numerical outputs into human-
readable insights. Recommendations are
continuously updated based on market
conditions and user behavior.

6. Results and Discussion
6.1 Performance Evaluation

Simulation-based testing using historical
and live market data demonstrated that
Wealth.Al-generated portfolios achieved
improved risk-adjusted returns
compared to static allocation strategies.

6.2 User Experience Analysis

Users reported higher confidence and
understanding due to the system’s natural
language explanations and transparent
decision logic.

6.3 Financial Impact

Dynamic rebalancing and predictive risk
assessment reduced downside exposure
during volatile market periods,
highlighting the system’s practical utility.

Wealth.Al: The Canvergence of
Generative Intelligence, and Quantitative Finance in Nes
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e Regulatory compliance automation

e Multi-language and voice-based
advisory interfaces
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