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ABSTRACT

This paper presents FitCattle, a comprehensive smart cattle management system integrating wearable [oT
collars, real-time data monitoring, and dairy automation modules for feeding, milking, and milk-yield
tracking. By continuously measuring core and ambient temperature, motion/activity patterns, and other
physiological and behavioral parameters, the system provides real-time health status and behavior analytics
for individual animals. Data is transmitted wirelessly to a central server and presented via a mobile/web
application for farmers. The dairy automation subsystem automates feeding and milking operations, and
links outcomes (e.g., milk yield) per animal. FitCattle aims to enable early detection of health
anomalies, improve milk production consistency, reduce manual labor, and support data-driven decision-
making in dairy farms[1]. We review related work, describe the system design and architecture, propose
evaluation metrics, discuss potential challenges, and outline future enhancements. Preliminary design
and literature-based analysis demonstrate that such a system can significantly improve farm management

efficiency and animal welfare.

Index Terms—Smart cattle management, IoT, dairy automation, precision livestock farming, wearable

collar, real-time monitoring, farm management, animal welfare

I. INTRODUCTION

The global demand for dairy products is increasing, and dairy farms are scaling up herd sizes to meet this
demand. Traditional methods of livestock management — manual monitoring, periodic checkups, and
manual feeding/milking — become increasingly unsustainable as herd size grows. Such methods make early
detection of health issues, behavioral anomalies, or reduced milk yield difficult, and often lead to delayed

interventions, inefficiencies, and increased labor costs[2].
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Precision livestock farming (PLF) — leveraging sensors, 10T, and automation — offers a promising
alternative by enabling continuous monitoring of individual animals and automated herd management.
Sensor-based monitoring allows tracking of vital physiological and behavioral parameters, while automation
can reduce labor needs and optimize routine tasks. Prior research has demonstrated the utility of IoTbased
monitoring systems for dairy cattle health and behavior.
Despite these advances, many existing solutions focus on either animal monitoring (health/behavior) or
automation (feeding, milking, environment control), but few integrate both in a unified platform. FitCattle
aims to bridge this gap by offering a holistic system that combines health monitoring, behavioral tracking,
and dairy automation — enabling datadriven management of dairy farms.
The main contributions of this paper are:
. Design of a wearable smart collar system for continuous monitoring of health (temperature, activity)
and behavior of each animal.
. Integration with a dairy automation subsystem for feeding, milking, and milk-yield tracking, associated
per animal.
. Proposal of software architecture (cloud backend + mobile/web dashboard) for real-time monitoring,
alerts, and analytics.
. Survey and integration of prior work in sensor-based monitoring, machine-learning-based behavior
classification, and automation — positioning FitCattle in the context of state-of-the-art PLF research.
. Discussion of evaluation metrics, real-world deployment considerations, limitations, and future
enhancement[3]s (e.g., ML-based disease prediction, scalability, energy-efficient design).
The rest of the paper is structured as follows: Section II discusses related work. Section III describes
system design and architecture. Section IV outlines proposed evaluation and deployment plan. Section V

discusses challenges, limitations, and potential solutions. Section VI concludes and suggests future work.

NwIOm

Fig. 1. Smart Collar
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II. RELATED WORK

Precision Livestock Farming (PLF) has seen growing interest due to the potential of sensors, IoT, and
automation to improve animal welfare, productivity, and farm management. A recent review on wearable
collar technologies for dairy cows highlights how collars equipped with accelerometers, gyroscopes, GPS,
RFID, and other sensors can non-invasively monitor cow health, activity, location, and behavior in real time.
Such collars help detect abnormalities in behavior that may indicate health or welfare problems (e.g.,
lameness, heat stress, illness), enabling early intervention[4].

Inthedomainof cattleactivity classification,Deep Learning-based Cattle Activity Classification Using Joint
Time-frequency Data Representation demonstrated that a deep neural network using time-frequency
representations of sensor data (from accelerometer, magnetometer, gyroscope) attached to collar tags can
classify cow behavior (lying, walking, standing, etc.) with high accuracy — and the approach is efficient
enough to run on resource-constrained embedded devices, making it suitable for [oT deployment.

More recently, the studies such as CattleSense - A Multisensory Approach to Optimize Cattle Well-Being
and other IoT-based farm management systems have integrated multiple sensors (environmental, positional,
physiological) along with microcontrollers and cloud connectivity to support real-time farm monitoring
including health, location, milking frequency, and environmental conditions.

On the automation side, IoT and ML based systems have been proposed that go beyond monitoring and
include environmental sensing (temperature, humidity, air quality), shed automation (lighting, waste
management, safety), and even disease detection from image-based inputs (skin conditions, mastitis) using
ML models[5].

However, reviews and recent literature note ongoing challenges that limit widespread adoption: energy
consumption and battery life of collar devices, cost of sensors and automation hardware, limited sensor
coverage (many collars only measure activity or temperature), and lack of integrated end-toend systems
combining monitoring, automation, analytics, and

user-friendly interfaces.

FitCattle aims to leverage these advances while addressing gaps by designing an integrated, modular, and
scalable system combining collar-based monitoring, dairy automation, cloud/edge computing, and an

accessible application interface for farmers.

III. SYSTEM DESIGN AND ARCHITECTURE
A. Overview
The FitCattle system architecture consists of four main modules.

. Wearable Smart Collar Module — for per-animal monitoring (health activity)
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. Connectivity Data Transmission Module — to send data from collars and automation devices to a central
server or cloud

. Dairy Automation Module — for automated feeding, milking, and milk yield tracking linked with
individual animal IDs

. Backend Application Module — cloud or local server + database + mobile/web dashboard for

visualization, analytics, alerts, and farm management
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Fig. 2. System Architecture

B. Wearable Smart Collar Module

1) Sensors and Data Acquisition: Each cattle is fitted with a collar equipped with:

. Temperature sensor (to measure body or ambient temperature)

. 3-axis accelerometer (for movement / activity detection)

. (Optional / future) Gyroscope or magnetometer for more detailed motion tracking

. (Optional) Heart-rate sensor or other physiological sensors depending on feasibility and cost

. Unique collar ID (RFID or onboard identifier) for peranimal data association

Such multi-sensor collars are standard in modern PLF frameworks.

2) Data Processing / On-device / Edge Processing:
Raw sensor data (accelerometer, temperature, etc.) are processed to extract features like:

. Activity levels (standing, walking, lying, resting)
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. Motion patterns and anomalies (e.g., low movement, restlessness)
. Temperature deviations
. Behavior classification (feeding, rumination, drinking, movement) — for which ML or signal-

processing approaches can be used

In prior work, time-frequency representation of accelerometer data combined with neural network classifiers
yielded reliable behavior classification, even on embedded devices[6].

Also, more recent work (e.g., An Explainable Al based approach for Monitoring Animal Health) combines
accelerometer-based data with machine learning and uses explainability tools (such as SHAP) to generate

interpretable alerts and health predictions.

C. Connectivity and Data Transmission

Given variable farm infrastructure (especially in rural areas),

FitCattle supports flexible communication options: Bluetooth, WiFi, LoRa, GSM/4G — depending on
connectivity availability. Data from collars and automation devices are transmitted periodically (or in real-
time) to a central gateway (edge server) or cloud server[7]. The backend stores data in a database (SQL /

NoSQL depending on volume), maintains history, and supports analytics.

D. Dairy Automation Module

To realize full farm automation and link physiological/behavioral data with dairy production, the system
integrates:
. Automated feeders — dispensing feed based on schedule or per-animal needs (using collar ID / RFID)
. Milking machines / Automatic Milking Systems (AMS) — to automate milking; linked with per-animal
identification for milk yield tracking
. Milk yield sensors / flow meters — to record volume per milking session per animal
. Optional environment sensors in shed (temperature, humidity, air quality) to ensure optimal housing
conditions — as done in some state-of-the-art [oT-based farm automation systems.
E. Backend Application Module
The backend consists of server or cloud infrastructure, a database to store sensor and automation data, and
an API layer to serve data to clients. The mobile/web application (dashboard) provides:
. Real-time monitoring per animal (health metrics, activity, feed/milk logs)
. Alerts/notifications for abnormal conditions (e.g., temperature spikes, inactivity, missed

feeding/milking)
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. Historical analytics — trends over time (activity patterns, milk yield over weeks/months), behavior
summaries, health history

. Farm management tools — assign/remove collars, schedule feeding/milking, set alert thresholds,
manage animal metadata (ID, age, health record)

. Data export / reporting functionality — useful for farm records, veterinary history, yield analytics.

IV. PROTOTYPE DESIGN AND EVALUATION PLAN

At this stage, FitCattle is designed conceptually. To validate its efficacy, we propose a pilot deployment plan

as follows:

A. Pilot Deployment
Select a small-to-medium dairy farm (e.g., 10-20 animals) for initial deployment. Equip each animal with a
smart collar, install automated feeders and (if possible) milking automation, and set up a gateway / server +

mobile/web dashboard. Use the system continuously for a trial period (e.g., 2—3 months) to collect data[8§].

B. Evaluation Metrics
We propose to evaluate system performance using the following metrics:

. Health Monitoring Accuracy: Compare alerts generated by the system (e.g., temperature anomaly,
abnormal inactivity) with veterinary checkup results / ground truth; compute sensitivity, specificity,
false-alarm rate.

. Behavior Classification Accuracy: If behavior classification (standing, walking, lying, feeding,
rumination) is used, validate against manual observational logs or video recordings — compute
classification accuracy, precision, recall, F1-score.

. Milk Yield Tracking Reliability: Compare recorded peranimal yield vs manual records; check
consistency, error rates.

. Farm Efficiency / Labor Savings: Measure time (or labor cost) saved compared to manual
feeding/milking and manual monitoring; record frequency of interventions (veterinary treatments,
abnormal health detections) before vs during the trial.

. User (Farmer) Feedback / Usability: Survey farmers about ease of use, perceived usefulness, any issues
(collar comfort, battery/charging, network connectivity, false alerts, maintenance).

. Scalability / Cost-Benefit Analysis: Estimate cost per animal (hardware, deployment, maintenance) vs
benefits (improved yield, reduced labor, reduced health-related losses) — to evaluate suitability for

small, medium, or large farms.
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C. Data Analytics and Machine Learning Extensions

Beyond simple threshold-based alerts, future versions of FitCattle can incorporate ML-based disease

prediction and behavior anomaly detection[9]. For example:

. Use time-series of temperature, activity, feed/milk history to predict early signs of diseases, estrus,
calving, lameness, etc.

. Use explainable ML models (e.g., as in Explainable Al approach) to provide interpretable health risk
scores to farmers.

. Use historical data to optimize feeding/milking schedules, predict peak milk yield periods, and support

data-driven herd management.

V. IMPLEMANTATION

This section describes the practical implementation of the proposed FitCattle system, focusing on the sensor
hardware used, the methodology followed for data acquisition and processing, and the operational flow of
the system. The implementation is designed to be modular, scalable, and suitable for real-world dairy farm

environments.

A. Sensor Implementation

The core of the FitCattle system is the wearable smart collar, which integrates multiple sensors to
continuously monitor the physiological and behavioral state of each animal. The following sensors are
implemented in the prototype design:
1. Temperature Sensor (DS18B20 or equivalent)
The temperature sensor is used to monitor body or near-body temperature of the cattle. It provides
digital temperature readings with good accuracy and low power consumption. Sudden increases or
decreases in temperature can indicate fever, heat stress, infection, or other health anomalies. The
sensor is mounted inside the collar in close contact with the animal’s skin or insulated region to

reduce ambient interference.
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2. 3-Axis Accelerometer (ADXL335 or equivalent)
The accelerometer captures movement and posture-related data along the X, Y, and Z axes. From
this data, activity levels such as walking, standing, lying, resting, and abnormal inactivity are
inferred. Continuous accelerometer monitoring enables behavior analysis and early detection of

issues such as lameness, lethargy, or restlessness.

3. Pulse Oximeter / Heart Rate Sensor (MAX30102 — optional / extended version)
In advanced configurations, a pulse oximeter is included to measure heart rate and blood oxygen
saturation (SpO2). These parameters provide additional insight into stress levels, respiratory health,

and overall physiological condition of the animal.

4. RFID Module (RC522 or equivalent)
Each animal is assigned a unique RFID-based identifier embedded in the collar. This ensures
accurate association of sensor data, feeding events, and milk yield records with the corresponding
animal. RFID also enables automated feeding and milking systems to identify animals without

manual intervention.

5. Dairy Automation Sensors

In the dairy automation module, load cells (weight sensors) are used in feeders to measure feed
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consumption, while milk flow sensors or yield meters are used in milking units to record milk
quantity per animal. Environmental sensors (temperature, humidity) may also be deployed inside
the shed to maintain optimal housing conditions.

All sensors interface with a low-power microcontroller (e.g., ESP32/ESP8266), which performs initial data

acquisition and preprocessing before transmission.

B. Methodology

The methodology of FitCattle follows a layered and data-driven approach, combining sensor data
acquisition, wireless communication, backend processing, and user interaction. The step-by-step
methodology is as follows:
1. Collar Initialization and Animal Identification
Each smart collar is initialized with a unique ID linked to the animal’s RFID. Animal metadata
such as age, breed, health history, and lactation stage are stored in the backend database.
2. Continuous Data Acquisition
Sensors mounted on the collar continuously collect physiological (temperature, heart rate) and
behavioral (movement/activity) data at predefined intervals. Sampling rates are optimized to
balance data accuracy and battery life.
3. On-device Preprocessing
Raw sensor data is filtered and normalized at the microcontroller level to reduce noise and
unnecessary data transmission. Simple feature extraction (e.g., activity magnitude, average
temperature) is performed locally.
4. Wireless Data Transmission
Preprocessed data is transmitted to a gateway or cloud server using WiFi, GSM/4G, or LoRa
depending on farm connectivity. Data transmission can be periodic or event-driven (e.g., when
abnormal conditions are detected).
5. Backend Storage and Analytics
The backend server stores incoming data in a structured database. Rule-based logic and threshold
checks are applied to detect anomalies such as fever, prolonged inactivity, or missed
feeding/milking events. Historical data is used for trend analysis.
6. Dairy Automation Integration
Automated feeders and milking systems interact with the backend using animal IDs. Feed quantity
and milk yield data are logged per animal, enabling correlation between health, behavior, and

productivity.
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7. Visualization and Alerts
Farmers access real-time and historical data through a mobile or web dashboard. Alerts and

notifications are generated for abnormal conditions, enabling timely intervention.
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Fig. 3. Smart Collar Module

C. System Flowchart Description

The operational flow of the FitCattle system can be summarized as follows:
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Fig. 4. Flow Chart Diagram

This flow ensures continuous monitoring, automated dairy operations, and real-time decision support,

forming a closed-loop smart livestock management system.

IJERT CONV 141 S040012 Page 10
(Thiswork islicensed under a Creative Commons Attribution 4.0 International License.)



Published by : International Journal of Engineering Research & Technology (IJERT)
https://lwww.ijert.org/ I SSN: 2278-0181
An International Peer-Reviewed Journal Vol. 14, Issue 04, ICTEM 2.0 (2026)

Summary of Implementation

The implementation of FitCattle integrates wearable sensor technology, wireless IoT communication,
and dairy automation into a unified framework. By combining real-time health monitoring with automated
feeding and milking, the system supports early disease detection, improved productivity, and reduced
manual labor. The modular design allows gradual deployment and future enhancement using machine

learning and predictive analytics.

VI. DISCUSSION: CHALLENGES, LIMITATIONS, AND CONSIDERATIONS

While FitCattle presents a promising integrated solution, real-world deployment faces several challenges:

A. Hardware Limitations and Cost

Wearable collars with multiple sensors, communication modules, and unique IDs can be costly, especially
when scaling to large herds; plus, automation hardware (feeders, milking systems) adds to upfront cost.
Previous works note that battery life, maintenance requirements, and robustness under farm conditions (dust,
weather, animal movement) remain significant constraints.

Therefore, cost-benefit analysis is critical — especially for small-scale or resource-limited farms. FitCattle’s
modular design aims to allow incremental adoption (start with monitoring collars, then add automation) to

reduce initial barriers[10].

B. Connectivity and Infrastructure Constraints

Many dairy farms — especially in rural areas — may lack stable internet connectivity, power supply, or
network infrastructure (WiFi/4G). To mitigate this, the system should support flexible communication

(LoRa, GSM/4G, offline/edgebased data storage) and possibly solar-powered gateways for remote locations.

C. Data Accuracy, Sensor Calibration, and Animal Comfort

Sensors must be calibrated and robust. For example, temperature sensors should reliably represent body
temperature (not just ambient), which may require proper placement or contact. Activity sensors must handle
noisy data (from animal movement, collisions, environmental vibrations)[11]. Moreover, collars must be
comfortable and safe for animals: heavy or poorly-fitted collars can cause stress or injury.

D. Scalability, Data Volume, and Data Management
With large herds, data volume (from sensors, automation logs) can grow rapidly, requiring efficient data

storage, indexing, and possibly edge-computing to filter or preprocess data. Data privacy, backup, and

retention policies must also be considered (especially if cloud servers are used).
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E. Farmer Adoption, Usability, and Training

Farmers may be unfamiliar with IoT/ML technologies. The system must be user-friendly, with minimal
technical overhead. Training, documentation, and support (for maintenance, battery charging, network
issues) will be required[12]. Also, trust in alerts and analytics is important: false alarms or system failures

may reduce confidence.

F. Animal Welfare and Ethics

Welfare considerations must be primary: all sensors and automation must be safe, non-invasive, comfortable.
The system should not cause undue stress, restrict normal behavior, or harm animals. Ethical oversight and

compliance with animal welfare standards is essential.

VI. CONCLUSION

This paper presented the conceptual design of FitCattle — an integrated smart cattle management system
combining IoTbased wearable collars for health and behavior monitoring with dairy automation (feeding,
milking, milk yield tracking) and a software backend for data management and analytics. By bringing
together monitoring and automation in a unified platform, FitCattle aims to enable data-driven, efficient,
and welfare-conscious dairy farming.

Based on literature review and existing research, such systems have strong potential to improve animal
health, detect anomalies early, optimize feeding/milking operations, and reduce labor intensity. However,
successful real-world deployment depends on addressing challenges such as hardware cost, sensor accuracy,

connectivity, and farmer adoption[13].

By using a multi-sensor smart collar, FitCattle allows real-time collection of physiological and activity-
related data for each animal. This information, when transmitted to a centralized backend and visualized
through a user-friendly dashboard, supports early identification of abnormal health conditions, reduces
dependence on manual observation, and improves overall herd supervision. The integration of animal-
specific identification with dairy automation ensures accurate tracking of feed intake and milk production,

enabling better correlation between animal health and productivity[14].

Although the system is currently presented at a conceptual and prototype-design level, analysis of existing
literature and system architecture indicates strong potential for practical deployment. The modular design
of FitCattle makes it adaptable to farms of different sizes and allows gradual adoption based on available
resources. Challenges related to hardware cost, connectivity, sensor reliability, and farmer usability remain
important considerations, but these can be mitigated through careful design choices, scalable deployment

strategies, and appropriate training.[15]
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In conclusion, FitCattle demonstrates how the combination of IoT, automation, and data analytics can

contribute to sustainable, efficient, and welfare-oriented dairy farming. With further development, real-

world testing, and integration of intelligent analytics, the system has the potential to significantly enhance

productivity, animal well-being, and decision-making in modern dairy operations.

We believe that FitCattle, once implemented, can significantly contribute to sustainable, efficient, and

welfare-oriented dairy farming — particularly benefiting small and medium farmers in regions such as India

where dairy farming is an essential livelihood.
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